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Average Position Error (cm) Average Orientation Error (degrees) P
erturbations Added —
Perturbation 50 Demos 100 Demos 150 Demos 200 Demos  Perturbation 50 Demos 100 Demos 150 Demos 200 Demos Perturbation Avg. Position Aveg. Orlentatlon
Level 0 1.38+0.83 1.324+0.71 1.244+0.61 1.22+0.58 Level 0 2.04+1.47 2.00+1.12 1.88+0.91 1.80+0.85 Level L Error (cm) Error (deg) :
Level 1 1.44+086 1.354+0.72 1.284+0.62 1.22+0.57 Level 1 2.134+1.45 2.004+1.14 1.88+0.92 1.8340.90 Overall Avg. Pos. Avg. Ori.
Level2 1.614+092 1.36+0.70 1.274+0.61 1.27+0.59 Level2  2.48+1.48 1.91+1.01 1914094 1.82+0.88 0 0.0 0.00 0.00 Task I II III IV Error Error
Level 3 1.744+1.02 1.48+0.74 1.444+0.68 1.30=+ 0.60 Level 3 236 +1.51 2.05+1.07 2.06+1.00 1.874+ 0.87 1 0.001 0.40 0.29 Success (cm) (deg)
2 0.0025 1.01 0.71
Position Error Distribution Orientation Error Distribution 3 0.005 2.02 1.43 737% 60% 13% 8% 19% 0.81+£0.42 1.04+0.55
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